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Method (T) FID, SSIMt CSIM?T USERJ]

VoxCelebl
X2Face (1) 45.8 0.68 0.16 0.82
Pix2pixHD (1) 42.7 0.56 0.09 0.82
Ours (1) 43.0 0.67 0.15 0.62
X2Face (8) 51.5 0.73 0.17 0.83
Pix2pixHD (8) 351 0.64 0.12 0.79
QOurs (8) 38.0 0.71 0.17 0.62
X2Face (32) 56.5 0.75 0.18 0.85
Pix2pixHD (32) 24.0 0.70 0.16 0.71
Ours (32) 29.5 0.74 0.19 0.61

VoxCeleb2
Ours-FF (1) 46.1 0.61 0.42 0.43
Ours-FT (1) 48.5 0.64 0.35 0.46
Ours-FF (8) 42.2 0.64 0.47 0.40
Ours-FT (8) 42.2 0.68 0.42 0.39

Ours-FF (32) 40.4 0.65 0.48 0.38
Ours-FT (32) 30.6 0.72 0.45 0.33
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Few-shot learning
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Ours 0.139
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