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Configuration FFHQ, 10241024 LSUN Car, 512384
gurall FID Path length  Precision Recall FID Path length  Precision Recall
A Baseline StyleGAN [21] 440 195.9 0.721 0.399 327 14843 0.701 0.433
B + Weight demodulation 439 173.8 0.702 0.425 3.04 862.4 0.685 0.488
C + Lazy regularization 4.38 167.2 0.719 0.427 283 981.6 0.688 0.493
D + Path length regularization 434 139.2 0.715 0418 3.43 651.2 0.697 0.452
E + No growing, new G & D arch. 331 116.7 0.705 0.449 3.19 471.2 0.690 0.454
F + Large networks 2.84 129.4 0.689 0.492 232 415.5 0.678 0.514
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(a) MSG-GAN

(b) Input/output skips
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(a) StyleGAN-sized (config E) (b) Large networks (config F)
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