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Method || Pose Error FID Human Pref. | Pixel Acc | mloU FID Human Pref.
Encoder 13.30 23471 0.96 0.400 0222 | 187.10 0.97
ConcatStyle 13.32 140.87 0.95 0.479 0.240 | 154.33 0.97
AdaIN 12.66 207.18 0.93 0.756 0.360 | 205.54 0.87
PoseWarp [1] 16.84 180.31 0.83 N/A N/A N/A N/A
MonkeyNet [47] 13.73 260.77 0.93 N/A N/A N/A N/A
Ours 6.01 80.44 0.831 0.408 | 144.24 —
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