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HPN [7] 29.82 47.57 61.24 7277 78.26 84.23
FIP_40 [41] 31.37 49.10 69.75 85.54 92.98 96.30
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IP FOFA Ipred = Goe ("), FRAIR7TIEAE MUltiPIE [10]
LT TR, XE—MEE 750,000 SMERHIARE
B, BFELSS, KHBIRETH T TARIRE. IhEE
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RAIEBEERTIE, HTXR. EEXHER IP L&Y
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RBISEREMRERUMARNEE. Eit, WIEBAIEGR
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fIRE 1, FANEEB36IPRINY, FHENERRE
27 1 NEIR. FII1EE 20 MR TAIPMRIAF£90°H
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RPIEEER. JISHREZEREESR. £ 1857
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RERE—MEEER. MultiPIE B &SRER
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Method T00° E75° 160°  E5° 130° £
FIP+LDA [11] 59 64l §0.7 907
MVP+LDA [17] 60.1 729 §37 928
CPF 4] 619 799 885 950
DR-GAN [3(] 832 862 90.1 940
Light CNN 5] 551 6209 9213 9738 9859
TP-GAN* 64.64 8772 9538 9806  98.68
R 3 AEMERBBRNMERISRERE (%)
Method +45° +30°  £15°
Ik 8546  87.14  90.05
CPI* [35] 76.80  78.75 81.55
Amir et al. * [¥] 77.65 79.70 82.05
Iias 8622 8770 9046
Hassner et al. * [12] 83.83 84.74 87.15
TP-GAN* 90.71 89.90 91.22
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. B, FTEET CNN Bt S EEEaZ I hiak:
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MR ATH—SIERRIISREGEBEERS
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RXIE, BERAMRDE. BTFHRIS2E CNN 5
1Ri0eE O BN, FEAE UMD [3150REAL
1 B,

BA1EER 3 PIRET Multi-PIE (IRE-1) A9 M
BB, AT ATHR, BAERN DR BRIEENIRA
BEGIER, 95075 128x128 (1128P) 1 60x60

(160P) , TP-GAN &ML 7 BFIISEEE, BTFiR
ENE, WRAEREXHER. FrBEMEREEAIMRE
HECELE, XHAFE, BAENNEEREIMRSZE
ESTIRITAY, FEBAFMBRRLTSR, HEPEHNE
DEEHREGTEEERIMEERUMARKEE. XT
ARG RTEFRIEGRIIAE 1P NREESFIENS
JXBS,

4.3. FHET I

Bl 6 t-SNE [31IRER_4EZSA L 256 4R
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Method +90° +75° +60 +45° £30° £15°
wio P 44.13 66.10 80.64 92.07 96.59 98.35
wio L, 43.23 36.55 70.99 85.87 93.43 97.06

w/o Lagy 62.83 76.10 85.04 92.45 96.34 98.09
Wio Lgym 62.47 75.71 85.23 93.13 96.50 98.47
TP-GAN 64.64 77.43 87.72 95.38 98.06 98.68
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A, RN TRENEEENESRKRTIIENAR, TR
RUERIIERS R SRR EH TEELE,
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