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Encoder (&) Gen. (G) | Loss L. Results

A, D. C. R Var g ‘C. R. |5xz Sx Sz| Ps IS (1) FID (]) Cls. (1)
Base S 50 1 128 v 1]96 128+ v |N|2266+0.18 31.19+037 48.10+0.13
Deterministic £ S 50 1 128 (0 1|9 1284 v v |N|[2279£027 3131£030 4697 £035
Uniform P, S 50 1 128 () 1|96 128|v v v |U)|22834£024 31.52+028 45114093
x Unary Only S 50 1 128 v 1|96 128+ « (O] N |[23.19£028 3199030 47.74 £0.20
z Unary Only S 50 1 128 v 1 (9 128|v () v|N|19524039 3948+ 1.00 47.78 +0.28
No Unaries (BIGAN)| § 50 1 128 v 1 |96 128 |v () ()| N |19.70+£ 030 4292+092 4671 + 0.88
Small G (32) S 50 1 128 v 1 |(32) 128 |V v v |N|[328+0.18 24730 = 10.31 4359 + 0.34
Small G (64) S 50 1 128 v 1 [(64) 128 | v v v |N|1996+0.15 3893+039 4754+ 033
No £ (GAN) * ) 96 128 | () v ()| AN'|2356 £ 037 3091 +023 -
High Res £ (256) S 50 1 (256) v 1]96 128|+v + v|N[2345£0.14 2786+0.13 50.80 + 0.30
Low Res G (64) S 50 1 (256) v 196 68| v v |N|[1940£0.19 1582=006 4751 £0.09
High Res G (256) S 50 1 (256) v 1|96 256)| v v v |N| 2470 38.58 51.49
ResNet-101 S (10D 1 (256) v 1 ]9 128 |v v v|N 23.29 28.01 51.21
ResNet x2 S 50 (2)(2%) v 1|9 128|v v v|N| 2368 27.81 52.66
RevNet (V) 50 1 (256) v 1 |96 128 |v v v |N|2333+0.09 27.78+006 4942+ 0.18
RevNet x2 (V) 50 (2)(256) v 1 |9 128 |v v v |N| 2321 27.96 54.40
RevNet x4 (V) 50 (4)(256) v 1 |9 128 |v v v|N| 2323 28.15 57.15
ResNet (T € LR) S 350 1 (256) v (10)| 96 128 v « v |N[2327£022 2851 =044 35370£0.15
RevNet x4 (1 ELR)|(V) 50 (4) (256) v (10)| 96 128 | v v vV |N 23.08 28.54 60.15
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Method Architecture Feature | Top-1 Top-5
BiGAN [4, 38] AlexNet conv3 31.0 -
Motion Segmentation (MS) [27, 3] ResNet-101 AvePool 27.6 48.3
Exemplar (Ex) [5, 3] ResNet-101 AvePool 31.5 53.1
Relative Position (RP) [2, 3] ResNet-101 AvePool 36.2 59.2
Colorization (Col) [37, 3] ResNet-101 AvePool 39.6 62.5
Combination of MS+Ex+RP+Col [3] ResNet-101 AvePool - 69.3
CPC [35] ResNet-101 AvePool 48.7 73.6
Rotation [8, 21] RevNet-50 x4  AvePool 55.4 -
Efficient CPC [14] ResNet-170 AvePool 61.0 83.0
ResNet-50 AvePool 554 77.4
o ResNet-50 BN+CReLU | 56.6 78.6
BigBIGAN (ours) RevNet-50 x4 AvePool 608 814
RevNet-50 x4 BN+CReLU | 61.3 81.9
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Method Steps | IS (1) FID vs. Train () FID vs. Val. (])
BigGAN + SL [24] 500K | 204 (154 +£7.57) - 253(71.7 £ 66.32)
BigGAN + Clustering [24] S00K | 22.7(22.8 +0.42) 23.2(22.7 + 0.80)

BigBiGAN < SL (ours) SO0K | 2538 (2533 £ 0.17) 22.78 (22.63 = 0.23) 23.60 (23.56 £ 0.12)
BigBiGAN High Res & + SL (ours) 500K | 25.43 (25.45 + 0.04) 22.34 (2236 = 0.04) 2294 (23.00 £ 0.15)
BigBiGAN High Res & + SL (ours) M | 27.94 (27.80 £ 0.21) 20.32 (2027 £ 0.09) 21.61 (21.62 £ 0.09)
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